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H24-2-1 Conditional Clause

(With respect to contracts concluded by the person with limited capacity, if the
person with limited capacity and the statutory agent have the right to rescind,

the counterparty also has.)

[l_Subject __ /‘ Set from Proposition:
[ |

{ , , }

A\

l  Object
|_Subject [aN@ll Predicate s

(has, the counterparty, the right
to rescind )

Set from Conditional Clause :
{ , : }

(have, the statutory agent, the
right to rescind )
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Results

Formal Run (R04)

JNLP

LLM with tens of
prompts

1S

ensemble of rule
based and BERT
based methods

* Indicates non
official results as
they used
Inreproducible
systems e.g.
a’q/chatGPT

w & F
Kano Laboratory Y I

Team Submission ID L Correct Answers | Accuracy
Noto All | BaseLine - No 52/All 101 0.5149
JNLP JNLP3 E 79 0.7822
JNLP JNLP1 E 76 0.7525
JNLP JNLP2 E 76 0.7525
KIS KIS2 J 70 0.6931
KIS KIS1 J 68 0.6733
UA UA_V2 ? 67 0.6634
AMHR AMHRO1 E 66 0.6535
KIS KIS3 ] 66 0.6535
AMHR AMHRO03 E 65 0.6436
LLNTU LLNTUdulcsL J 63 0.6238
UA UA ? 63 0.6238
HUKB HUKB2 J 60 0.5941
CAPTAIN | CAPTAIN.gen ] 59 0.5842
CAPTAIN | CAPTAIN.runl E 58 0.5743
LLNTU LLNTUdulcsS J 57 0.5644
HUKB HUKB1 J 56 0.5545
HUKB HUKB3 J 56 0.5545
LLNTU LLNTUdulcsO J 56 0.5545
NOW] NOWJ.multi-vl-jp | ] 55 0.5446
CAPTAIN | CAPTAIN.run2 E 53 0.5248
NOW] NOW].multijp J 53 0.5248
NOW] NOW]J.multi-vl-en | E 49 0.4851
AMHR *AMHRO02 E 82 0.8119
TRLABS | *TRLABS D E 79 0.7822
TRLABS | *TRLABS I E 79 0.7822
TRLABS | *TRLABS_T E 76 0.7525




RO2

RO1

Kano Laboratory Yl L1

Correct Answers | Accuracy | Correct Answers | Accuracy

TaSk 4 Results (T( No43;;q1131 g;gi Yes 59;;11111 2:22;2
66 0.8148 75 0.6757

: : 63 0.7778 75 0.6757
Compa”SOn with 58 0.7160 77 0.6937
previous formal run va | A | wa | Na
settin g S 65 0.8025 79 0.7117
o 54 0.6667 73 0.6577
(tra| ning [ eva|) 63 0.7778 49 0.4414
42 05185 55 0.4955

2021 (ROZ), 2020 61 0.7531 67 0.6036

50 0.6173 60 0.5405

(RO1), 2019 (H30) s .

: 41 0.5062 67 0.6036

asked to apply with 44 0.5432 50 0.4505

41 0.5062 67 0.6036

48 0.5926 61 0.5495

system 44 0.5432 49 0.4414

N/A N/A N/A N/A

Different year shows 42 05185 67 0.6036

uite different N/A N/A NA NA

N/A N/A N/A N/A

qh - - 66 0.8148 89 0.8018
charcteristics due to 6 08395 90 05108
%he datasets ; oses a7 o838
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ChatGPT

Kano Laboratory

Sample8: Agent[05]

ChatGPT1: Agent[02]

Sample9:>>Agent[04] Agent[01]

Sample0:>>Agent[01] Agent[01]

Agent[05]

Sample8:Agent[03]

Sample0:Agent[01] Agent[05]

ChatGPT1:Agent[03]
Sample9:Agent[03]
ChatGPT2:Agent[01]

Sample9:Agent[02]
Agent[05]

SampleO:
ChatGPT2:Agent[03]

Agent[01]

Agent[01]

Agent[01] Agent[04]
Agent[04]

Agent[01]
Agent[01]

ChatGPT2:

Agent[02]
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Al ChatGPT GPT
InstructGPT
- Code
Interpreter)
- GPT-4
MS Office Word  Powerpoint
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Wikipedia
- ImageNet
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I ChatGPT= GPT + InstructGPT

GPT (Generative Pretrained Transformer

Transformer
OpenAl

- OpenAl
GPT-2,GPT-3
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(Alignment)
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ChatGPT
ChatGPT GPT Instruction
GPT
GPT-4
GPT Instruction

ChatGPT

GPT
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